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Partisan Politics 

Partisan politics have existed in the United States since the Founding Fathers. The two-

party system began in the 1790s, emerging from themes that still exist in modern politics: 

competing ideologies, personal hatreds, tension between government entities, and ambiguities in 

interpretation of the Constitution (Heineman 2011). 

Yet White and Ypi (2016) write that partisanship wasn’t built out of antagonism, but to 

bring unity to individuals with common beliefs. They cite the works of political theorist Edmund 

Burke: parties are meant to promote “national interest” through shared principles. Together, the 

principles of a democratic system help build a foundation for a grounded society. One benefit of 

partisanship, White and Ypi (2016) argue, is a commitment to positive societal change. They 

also argue that another key component of partisanship may also be a concept that makes people 

resistant: compromise. Many people consider compromise a sign of weakness, or that they (or 

their chosen party) are wrong, which creates doubt in their morality or loyalty to their party. 

Online Media’s Role Within Partisanship Behaviors 

What exists today that didn’t in 1790—online media—may be creating a greater animosity 

between the two parties. A study of the effects of the Internet by Lelkes, Sood, and Iyengar 

(2017) shows that greater access to biased news sources online contributes to an increase in 

hostility. It is not access to online media itself that causes polarization, the researchers argue; 

instead, it worsens already-existing tensions. Their research also suggests that even small 

amounts of negativity can compound over time and continued exposure to partisan content 

further increases hostility. 

A number of studies find that the emergence of online media has led to several new 



problems in how the consumption of news occurs: filter bubbles and echo chambers lead to 

segregation and polarization, a phenomenon commonly explored with the theory of cognitive 

dissonance (Festinger, 1957; Kushin & Kitchener, 2009; Flaxman, Goel, & Rao, 2016; Lee, So, 

Lee, Leung, & Chan, 2018). And Bullock, Gerber, Hill & Huber (2015) find that while partisans 

may know a factual belief is correct, if it doesn’t align with their own beliefs, they are more 

likely to overlook that fact to be a “cheerleader” for their party. 

As the effects of online media continue to emerge, new issues have begun to occur as 

well. Eslami, Vaccaro, Karahalios, & Hamilton (2017) suggest that filter bubbles can control 

what users on social media are seeing. Their study on how algorithms curate what readers see 

shows that algorithms can unknowingly influence a user’s knowledge and opinions. 

In addition, the 2016 United States election was marked by a prevalence of fake news and 

foreign players who tampered with the way these biases present themselves. News groups like 

New York Magazine, National Public Radio, and Buzzfeed all reported that fake news stories 

like, “The Pope Endorses Trump,” “Hillary Clinton Bought $137 Million in Illegal Arms,” and 

“FBI Agent Suspected in Hillary Email Leaks Found Dead in Apparent Murder-Suicide,” led to 

millions of clicks, comments, and shares—and more engagement than stories from the New 

York Times and NBC News (Read 2016; Silverman 2016; Sydell 2016). 

What is the cost of fake news? Researchers Allcott and Gentzkow (2017) argue that its 

prevalence could lead to inaccurate belief systems in media consumers, the inability to elect 

capable officials, the inability to distinguish fake from real news media, and an eventual trade-off 

of poorly reported news. They also report that both the left and right are equally inclined to 

believe conspiracies, but Republicans leaned more toward believing both real and fake news 

stories. 

Problems with Media Influence 



How does media influence what people believe? Research shows it may have a large 

effect. Scholars write of the issues that may arise with people who unconsciously let their leaders 

think for them based upon their party affiliation (Bullock, 2011; Cohen, 2003; Rhan, 1993). 

Salient aspects of content that has been strategically framed then leads to misconceptions and 

misunderstanding of information, earning a greater level of attention over other types of content 

(Uddin, 2017). 

For example, Flynn, Nyan, and Reifler (2017) found that elite public figures and partisan 

media create misinformation. This type of coverage, seen frequently on such sites as Breitbart 

and Infowars, could be a threat to democracy because it distorts the public’s perception. 

Also, the use of framing hashtags has been studied as a way to measure Twitter 

polarization. Hemphill, Culotta, and Heston (2016) describe how Congressional members use 

Twitter to communicate with constituents by crafting a hashtag as a way to control rhetoric. The 

researchers use an example from healthcare: to discuss the Affordable Healthcare Act, 

Democrats used the hashtags #ACA and #GetCovered; Republicans used the polarized versions, 

#ObamaCare and #FullRepeal. 

When these issues are assessed against statistics about what is read on Twitter 

(Gabielkov, Ramachandran, Chaintreau, & Legout, 2016)—in particular, that 59% of URLs 

shared by users on Twitter were “silent,” meaning the person who shared the article never 

clicked on the link—there remains a concern that online media is contributing to misinformation. 

Research Story Background 

 In October of 2017, President Donald Trump used Twitter to gain the support of his base 

while angering his opposition. A feud over a phone call to the widow of Army Sgt. La David 

Johnson, Myeshia Johnson, became a political spectacle when Trump used Twitter to call 

Democratic congresswoman and personal friend of Johnson, Frederica Wilson, “wacky” after 

she criticized the president’s verbiage (Shear, 2017). The issue continued after Johnson discussed 



her negative perception of Trump’s phone call on “Good Morning America” and Trump used 

Twitter to refute her claim (Vazquez, 2017). 

However, prior to Myeshia’s appearance on “Good Morning America,” a fake Facebook 

post in which she allegedly criticized Wilson for using her husband “as a political platform” 

began circulating through conservative social media. Michael Del Moro, a “Good Morning 

America” segment producer, confirmed via Myeshia that the post was fake and used Twitter to 

announce this fact (Lanktree, 2017). 

Despite the post’s removal from Twitter, screenshots of it continued to circulate days 

later, and comments from both sides demonstrated how opinions—even faulty ones—can spread 

and be accepted as truth. 

As social media use evolves, this study looks at the effects of the Johnson story and 

explores the implications of how its news spread via Twitter to better understand how news is 

interpreted, and using the uses and gratification theory framework and gender stereotype models 

to understand what makes Twitter users engage in a political conversation. 

Theoretical Foundations 

Uses and Gratification Theory. Katz, Blumler, & Gurevitch (1973) used the uses and 

gratification theory to describe how audiences actively consume certain types of media to meet 

their own needs within the framework of Maslow’s Hierarchy of Needs. In Katz, Blumler, & 

Gurevitch’s (1973) research, they reported that mass media gives individuals a way to connect—

or disconnect—with others. Swanson (1979) also describes a core approach of U&G theory on 

media as what people do with that media, versus the effect media has on its consumers. 

 Today, social networking sites like Twitter are used to meet the need for social 

connection as a way to fulfill basic human needs (Han, Min, & Lee, 2015). And Chen (2010) 

argues that U&G is salient for Twitter use because it meets the core principles of the theory: 



users choose that specific medium to meet their own psychological and social needs. Based upon 

the above discussion, we explore the following: 

RQ1: What are the most salient characteristics of the Twitter users who engaged with the 

topic of Sgt. La David Johnson and his widow, Myeshia, based on an analysis of how these users 

shared both left- facing and right-facing content? 

Gender Stereotypes and Politics. When looking at how men and women engage in 

politics, researchers have found that gender roles may provide insights. For example, some 

research shows that men tend to be more aggressive than women, seeking conflict within a 

political arena (Delli Carpini, & Keeter, 1996). Furthermore, Verba, Burns, and Lehman 

Schlozman (1997) found that overall, women are less informed than men when it comes to 

political engagement. And because women are less engaged, when there are disparities in civic 

engagement, there also tends to be similar disparities within the government, which can 

influence laws and representation—or lack thereof. 

When feminism grew in the 1960s, women were encouraged to think critically and 

challenge social structures that were controlled largely by white males (Hooks, 2015). Yet 

despite the growth of feminism, both men and women still conform to gender stereotypes, acting 

within their expected societal roles. Vogel, Wester, Heesacker, and Madon (2003) argue that 

emotionally charged topics push men and women into stereotypical gender roles. Women feel 

greater social pressure to express their emotions while men will remain in control, emotionally 

logical, and think independently. Since the researched incident opposed the statements of two 

women to those of the President and elicited response from both male and female Twitter users, 

we ask the following: 

RQ2: How does gender influence the model for how messages are shared by women, 

based upon this topic? 



Research Method 
 

The population explored in this research included tweets made in reference to Sgt. La 

David Johnson or Myeshia Johnson from October 16 to October 25, 2017. This period of time 

encapsulated the most content-heavy discussions surrounding Johnson’s death and followed the 

topic’s timeline as events unfolded in the days afterwards. 

The full population was over 4 million tweets, but we used random sampling to select 

1301 tweets that were initiated about the La David Johnson story. We defined initiated as the 

writing of a tweet regarding the story, versus “liking,” a retweet, or engaging another user’s 

tweet.  

Information captured included tweet text, date and time of tweet, user information (name, 

screen name, user description, follower and following counts, likes and retweets, total tweets) to 

better understand and assess users and their content.  

Instrumentation 
 

To build our dataset, we crawled Twitter by partnering with a developer to create a 

resource that randomly downloads tweets from Twitter’s 30 Day Historical PowerTrack (HPT) 

API program. Twitter provides access to developers by delivering a data file generated in 10-

minute periods based on the search criteria. The programmer exported data to an Excel file, 

which was cleaned based upon the research criteria. 

The data-mining system provided access to 10 days of historical data. Since Twitter’s 

system tracks tweets beginning 30 seconds from the time posted, the data is historically accurate, 

even if a tweet has since been deleted. Population parameters included only the following 

keywords: La David Johnson and Myeshia Johnson. October 16 through 25 was selected based 

upon the timeline of events. 

 



Content analysis established the frequency of concepts most represented in the sampled 

texts, including the following topics: Donald Trump, Frederica Wilson, John Kelly, Niger 

Ambush, phone call, Gold Star Widow, Say His Name, Fake, Racism, Good Morning America, 

Lies/Liar, Hero, Deplorable, Condolences, MAGA, GoFundMe, Truth, Media, Grief, Apology, 

Democrat, Republican. 

Data Analysis 

To address Research Question 1, we looked for the valence of each tweet (positive, 

negative, neutral, or unclear) compared against the news that emerged for that day to better 

understand the flow of content.  

To address Research Question 2, we looked at gender to see if it influenced the way 

people discussed the topic. 

Approximately 1500 tweets were gathered, but once data was cleaned and purged based 

upon our criteria, the final dataset consisted of 1,301 tweets. 

Results 

Demographic data of Twitter users who engaged with the topic  

Of the sample of tweets (N=1,301), 42% (546 users) were identifiably female and only 

25% were identifiably male (321 users). The final 33% (433 users) came from individuals who 

did not clearly state whether they were male or female, or the content was tweeted from a news 

site with no gender. More women participated in the communication surrounding this topic than 

men. We continued to explore how women used Twitter to participate in this conversation, 

which is detailed throughout the discussion. 

Topic frequency 

On October 16, La David’s name appeared alongside the names of the three additional 

soldiers that were killed in Niger. Myeshia’s name first appeared on October 17 in 5 of 48 



tweets, but her name didn’t become a frequent topic until October 18. 

Donald Trump’s name appeared on the first day, October 16. Out of 16 tweets pulled for 

that day, Trump’s name appeared 9 times where users were questioning the death of the soldiers, 

why Johnson was left behind, and discussing racism. Outside of the Johnsons, his name appeared 

with the highest frequency over the 10 days (see Table 1, Appendix). 

Tweet dispersement by day. The heaviest data days were October 23 (19%, 241 tweets) and 

October 24 (20%, 248 tweets) (see Table 2, Appendix). Monday, October 23 was the day that 

Myeshia appeared on “Good Morning America” to talk about her husband and the phone call 

Trump made to her the prior week, which indicates users were learning of the story and were 

compelled to engage. Trump also tweeted about the phone call (Figure 1), approximately 90 

minutes prior to when “Good Morning America” went live at 7 a.m. and on the heels of a 

statement from GMA segment producer, Michael Del Moro, who confirmed on Sunday, October 

22, that a post appearing to be from Myeshia, which was circulating on social media, was fake. 

Figure 1. Trump tweeted about his phone call with Myeshia Johnson before the “Good Morning America” segment 

went on the air. 

An analysis of Tweets per day shows the conversations surrounding La David’s death 

were of largely negative valence, with the highest peaks of negativity on the following dates: on 

October 19, when John Kelly defended Trump’s handling of the phone call and the fake 

 
 
 
 
 
 
 
 
 
 
 

  



Facebook post about Myeshia began to circulate; and on October 23 and 24, which was after 

Myeshia’s GMA appearance and Trump’s tweet.  

Principle Findings By Date 
 

Each day was analyzed by positive, negative, neutral, or unclear valence and coded by the 

content that was included in each tweet (Table 3). “Neutral” data tended to be news stories with 

no clear bias. “Unclear” data were difficult to interpret by the content of the tweet alone.  

The data shows that negative valence far outweighed any positive valence throughout the 

course of the 10 days—particularly in the latter half of the window. Typically, tweets with a 

negative valence tended to be of an attacking nature toward a person involved in the narrative and 

were largely targeted toward Donald Trump and Frederica Wilson. Valence is further explored by 

gender for each day (see Tables 4-13, Appendix). 

Table 3 

Tweet Valence By Date 

 

 

Note: The breakdown for each date shows the valence of each tweet among the total population (N = 1,301). Negative valence 
remained highest through the entire 10-day data collection, with the highest peaks happening on October 19, 23, and 24. 
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Day 1: Monday, October 16 
 

The story of the Niger ambush hit major media outlets in the United States and questions 

were raised about La David Johnson’s whereabouts. A GoFundMe account was set up by U.S. 

Representative Frederica Wilson’s 5,000 Role Models of Excellence program to provide 

scholarship funds via the Role Model Army Sgt. La David Johnson Scholarship for his children. 

The data for October 16 reflected the news of the attack hitting media outlets. Of the 

tweets pulled, the consistent theme was the names of the four soldiers who died. Some users 

questioned why Trump hadn’t yet discussed the deaths of these soldiers, but tweets were largely 

showing respect for all four of the soldiers. Politicizing the incident was minimal. 

When analyzing valence, most of the content was negative, but there were also positive 

sentiments about all four soldiers. Most comments came from women; only one man from the 

sample tweeted about the incident. 

Of the women who engaged in the conversation, the largest voices came from left-leaning 

women. Ten women engaged, and of those ten, only two did not have a clear liberal bias. One 

woman tweeted with a positive valence, remembering the victims of the attack. One woman 

responded negatively to a CNN broadcaster, which may imply a conservative bias, but there was 

not a clear indication. The rest of the tweets suggest that left-leaning women are quick to engage 

in a controversial topic, versus right-leaning women, who are slower to participate. 

Day 2: Tuesday, October 17 
 

News broke of a phone call from President Trump to La David Johnson’s widow, 

Myeshia. U.S. Representative Frederica Wilson traveled with Myeshia to meet the remains of La 

David Johnson at Miami International Airport and later remarked about the call. 

The Twitter conversation quickly turned political when the story of Trump’s phone call 

to Myeshia Johnson was released to the media. Data suggests that left-leaning Twitter users are 



quick to engage in a political discussion when given a reason. Beyond the themes that were 

coded as part of the research, we noted additional themes that emerged: a golf trip for Donald 

Trump, the NFL, and comparing the Niger attack to 2012’s Benghazi attack. Users also 

referenced the most recent news: why Johnson was left behind and separated from fellow 

soldiers. Overall valence remained overtly positive and neutral, largely wishing condolences to 

the Johnson family, even though there was a quick swing left. 

The women who participated in the conversation on this day, however, were largely from 

female reporters and this subset did not follow the patterns of the larger Twitter discussion. Of 

the 18 tweets coming from women, 7 came from reporters who were covering the return of 

Johnson’s body. Six tweets weren’t clear about political persuasion because they simply tweeted 

condolences. Only one Conservative woman tweeted, which was a message with a positive 

valence. Four left-leaning users tweeted both positive and negative messages, and of these 

tweets, two users began questioning why there wasn’t clarity over the location of Johnson’s 

body. The analysis of this day’s data suggests that women have a tendency to remain objective 

and respectful when a victim is involved, regardless of political persuasion. 

Day 3: Wednesday, October 18 
 

Trump tweeted that Wilson fabricated what was said during the call to Myeshia Johnson 

and that he had proof. La David Johnson’s adopted mother backed up Wilson’s remarks. 

On the left-leaning side, content continued to reiterate a theme of racism and disrespect. 

Many referenced the phone call Trump made to Myeshia, specifically how Trump didn’t know 

La David’s name. Benghazi, the NFL, and references to Trump’s 3-week delay in discussing the 

ambush to the media were referenced. Many tweeted “La David Johnson” as a sign of support 

and at times in reference to the Black Lives Matter mantra, Say His Name. Left-leaning users 

were also likely to reference the GoFundMe account as a way to help the Johnson children. 



Overall valence was again heavily negative. More men began to join in the conversation 

and there were fewer neutral news stories that were released on that day. 

The subset of female users who tweeted on this day was largely tweeting from a left-

leaning persuasion. Of 38 tweets, 28 criticized Trump’s handling of the call with Myeshia. Two 

tweets came from right-leaning users: one retweeted a news story, questioning the verbiage used 

to describe the call while the other retweeted positive sentiments about La David. The rest of the 

posts were either unclear or from members of the media. This data, when compared to the larger 

subset of posts, suggests that women do not form theories or provide the same type of critical 

discussion for political topics. While they do provide criticism, it is largely taking issue with the 

handling of the situation. Gender roles could play a role in the way women engage in discussions 

on Twitter, which is an opportunity for further analysis. 

Day 4: Thursday, October 19 
 

Trump’s Chief of Staff, John Kelly, defended Trump’s phone call and criticized Wilson 

for listening to the conversation between Myeshia and Trump. A fake Facebook post from 

Myeshia began to circulate on social media.  

Anger continued to mount from left-leaning users when John Kelly spoke on Trump’s 

phone call to Myeshia Johnson. Users continued to reference Benghazi and racism in their posts. 

Overall valence was heavily negative, largely due to the left-leaning political tweets. 

Right-leaning users supported John Kelly and Donald Trump’s stance on Trump’s phone 

call to Myeshia. Data suggests they are willing to believe the politicians they support.  

Left-leaning women continued to drive Twitter conversations on October 19, and the 

valence was largely negative and outnumbered the positive, neutral, and unclear tweets 

combined. Of these tweets, 58% (44 tweets) were negative compared to 20% positive (15 

tweets), 18% neutral (14 tweets), and 4% unclear (3 tweets). 



Only seven right-leaning women tweeted on this day, one tweeted positively regarding 

John Kelly, and two expressed sympathy for the Johnson family without it turning political. Four 

right-leaning women tweeted criticisms of Johnson’s family and Frederica Wilson. 

Themes that arose for left-leaning women during this time remained consistent. Of the 44 

Tweets that were negative, 35 of the women clearly stated political opinions, including support 

for Wilson, criticisms of Trump and Sarah Sanders regarding the phone call, criticisms for the 

Republican party and John Kelly, criticisms of Fox News’ reporting, and topics of racism. The 

tweets that provided unclear valence but came from left-leaning accounts still tended to be pro-

Wilson or offered sympathy for the Johnson family. 

This was the first instance in which we saw a left-leaning female discuss a larger political 

theory, in which she Tweeted, ".@CNN @MSNBC OMG OMG La David Johnson was LEFT 

BEHIND. They left him! Not found for 48 hrs. Trump's BENGAHZI! THIS IS DEPLORABLE: 

argues over <American Flag emoji>". 

This data also shows that while women remain critical and biased depending upon their 

political stances, they were not the first from the sample to begin posting the fake Facebook post. 

They were also less likely to compare the Niger attack to the Benghazi attacks versus men. 

Day 5: Friday, October 20 

Trump’s daughter-in-law, Lara Trump, said on “Fox & Friends” that she read the 

transcript of the phone call between Trump and Myeshia Johnson and blames the media for 

creating bias. Sarah Sanders later confirmed there is no transcript. 

The data showed more right-leaning users joining the conversation. A consistent theme 

was the sharing of the fake Facebook post as proof Myeshia didn’t appreciate the politicization 

of her husband’s death. Right-leaning users also used the fake post when tweeting condolences 

to the family and widow. 



 Left-leaning users were quick to share news that the Facebook post was fake. 

Negativity continued to grow, particularly among left-leaning users. However, neutral 

tweets began to increase as more users began sharing news stories and condolences to the 

Johnson family. A consistent mix of men and women participated in this conversation. 

Twitter responses from women matched the larger conversation that was happening on 

this date. As previously noted, more right-leaning users participated in the conversation and were 

largely supportive of Myeshia. Of the 11 right-leaning female users, data suggests their support 

came from the fake Facebook post that was being routed through social media. Some directly 

shared the post while others used it to state that Frederica Wilson was lying. Only one right-

leaning female user asked for confirmation of whether the post was fake or real. 

Meanwhile, left-leaning females continued with previously established themes: pro-

Wilson, pro-Johnson family, anti-Trump. Two users—one left-leaning and one unclear—called 

attention to the Facebook post being fake. 

Overall, the highest number of Tweets from women had a neutral valence, which 

supported Myeshia. The data suggests that confirmation bias may lead women to rally support 

for a person who seems to mirror their beliefs, even if there is some concern over the validity of 

the information they are receiving. The data may also show that once right-leaning women feel 

they have validity for their beliefs, they are more willing to participate in political discussions. 

Day 6: Saturday, October 21 
 

La David Johnson was buried in Florida. 

Though it stayed largely negative, the conversation began shifting from left-leaning 

negativity and more negativity began to present itself from the right-leaning community. Right-

leaning users continued to share the fake Facebook post, tagging Frederica Wilson and other 

women of power as a way to prove that Myeshia was against Wilson’s involvement.  



Several left-leaning users also shared news stories, including a Snopes article, in order to 

debunk the post. 

Neutral tweets began to increase due to a number of users who simply tweeted links or 

photos, either of news stories to debunk the fake Facebook post or the fake post itself. 

Like the overall trend on this date, women were fairly quiet, most likely because it was 

the day of La David Johnson’s funeral. A small group of left-leaning users tweeted condolences 

to the family. The largest group of female users wrote tweets with a negative valence and one of 

the largest themes on both the left and right was the fake Facebook post. 

Common themes from left-leaning female users included the following: anti-Trump 

dialogue including the topic of racism and sexism from a news story shared from liberal news 

site Intercept.com, and refuting the fake Facebook post. One left-leaning female tweeted about 

Trump playing golf. 

With right-leaning female users, the only theme that emerged was about the fake 

Facebook post. These users shared a conservative news story blaming Democrats for the post 

being shared. 

Data on this date suggests women seemed to have respect for Johnson and his family on 

the date of his burial. However, right-leaning female users only engaged in conversation in order 

to blame the other side. Left-leaning female users also wanted to keep the conversation political, 

but some were quick to put their differences aside to honor the soldier. 

Day 7: Sunday, October 22 

Myeshia confirmed the Facebook post was fake, which was announced by Michael Del 

Moro, a segment producer for “Good Morning America” and ABC News. 

Negativity remained the day after La David Johnson’s funeral. Left-leaning users tweeted 

references to Trump’s handling of the Puerto Rico hurricane and the fact that he was golfing 



during Johnson’s funeral. Users continued to reference the NFL and share the GoFundMe 

fundraiser. Users also continued to correct others regarding the fake Facebook post. 

Few right-leaning female users tweeted during this time. The five who did continued to 

tweet pro-Trump content and retweeted Conservative media that exposed the Facebook post as a 

Democratic hoax. Only one right-leaning user tweeted a message with a positive valence, which 

honored the four fallen soldiers. While some left-leaning users continued to post messages that 

were critical of Trump, Kelly, Sanders, and the details of the Niger attack, the most common 

theme was to clarify the fake news post by sharing a Snopes article. This data supports the belief 

that once people have a clear understanding that news is fake, they will quickly find an 

opportunity to clarify the mistake. However, the data’s patterns show right-leaning users are more 

willing to continue to believe and share media that supports their bias. 

Day 8: Monday, October 23 

Myeshia appears on “Good Morning America” and backs up Rep. Wilson’s statement. 

Trump tweets that he had a respectful conversation with Johnson and that he said “La David 

Johnson” without hesitation. 

October 23 became one of the most negative days from both sides. Right-leaning users 

were quick to attack Myeshia, criticizing the way she talks, questioning her motives, calling her a 

pawn of Frederica Wilson, and accusing her of being coached on “Good Morning America.” 

Meanwhile, left-leaning users targeted their anger toward Donald Trump. 

Female tweets followed a similar pattern from the larger population of tweets. Women 

who tweeted with a positive valence offered condolences to the Johnson family, talked about La 

David as a hero, and shared love and well wishes to Myeshia and her children. Of these tweets, 

16 were clearly left-leaning users and 2 were right-leaning, but 44% (14 tweets) remained 

objective and non-political, opting instead to simply honor the soldier. 



Left-leaning women were also more willing to tweet outrage and direct criticisms of 

Donald Trump. Of the 50 tweets with a negative valence, 92% (46 tweets) had an anti-Trump 

sentiment. The common themes that arose from women included racism and sexism, his need 

to apologize for his treatment of Myeshia, questions about why Johnson was left behind or 

why his wife hadn’t seen his body, taking a knee, bone spurs, golf, and La David’s name. Just 

2% (11 tweets) were from right-leaning users, and of those, they attacked the way Myeshia 

talked, stated that she had been coached, turned to outrage over the lack of coverage of the 

three other soldiers who died, or were critical of Frederica Wilson. 

Data shows left-leaning women are quick to defend somebody they believe has been 

wronged. Right-leaning women are less-inclined to participate in the conversation when things 

turn political, but when they do, they tend to tweet negatively based upon what they believe to be 

ulterior motives. However, many women overlook biases in order to respect members of the 

military. 

Day 9: Tuesday, October 24 
 

Information continues to emerge about the ambush. Johnson’s family asks for answers. 

Negativity and anger continued to flare days after Myeshia’s appearance on “Good 

Morning America.” This day had the highest number of tweets. Two tweets referred to La David 

Johnson as Bowe Bergdahl and shared a link to a conservative news site that supported that 

theory. 

This date showed the highest number of women participating in the conversation. 

Both left- and right-leaning women began offering conspiracies surrounding Johnson’s 

death. Right-leaning women tweeted conspiracies that GoFundMe dollars were being funneled to 

Frederica Wilson’s campaign. Meanwhile, left-leaning users shared news stories asking for 

clarity over what exactly happened in Niger, why Johnson’s body was left behind, and why his 



body was unable to be viewed by Myeshia upon his return to Florida; all of which had been 

covered in the news media. One left-leaning user blamed Trump’s travel ban for the four deaths 

in Niger. 

Left-leaning women continued to express outrage over Donald Trump’s handling of the 

Johnson situation. Of the 58 negative tweets from women, 88% (51) came from the left. 

Common themes that arose from these tweets included apologizing for the way he treated 

Myeshia, racism, bone spurs, golf, the word “liar”, and NFL and “take a knee.” Only 6 right-

leaning women tweeted using a negative valence, all of which were critical of Frederica Wilson. 

Women also tweeted positive support for CNN journalist Don Lemon, who spoke out 

against Trump’s treatment of Myeshia. Of the 22 positive tweets, 36% (8 tweets) thanked Lemon 

for his words. The rest offered condolences to Johnson and his family, though one right-leaning 

user tweeted that Trump’s call was respectful. Of those tweets, 55% (12) again came from users 

who didn’t have a clear political bias. 

Tweets that were unclear or neutral in valence came from women who were asking for 

clarification about what happened to Johnson in Niger, links to the GoFundMe page, or news 

articles. 

Data suggests that empathy played a factor in how women were using Twitter on this 

date. As more details were released in the news, users wanted to share condolences and tweet 

words that honored Johnson and supported his family. However, left-leaning women found anger 

in what they believe to be an injustice and pointed it toward the person they found responsible. 

Right-leaning women filtered their anger toward the person they believed acted in a manner that 

was unjust, even if those beliefs aren’t supported by facts. 

Day 10: Wednesday, October 25 
 

Trump stated that he did not specifically authorize the Niger mission. 



On the final day of the research, users continued with similar themes from the previous 

two days. Left-leaning users continued mocking Trump for comments he made about the phone 

call, while right-leaning users developed theories about Myeshia. 

This is the first date that men tweeted approximately the same amount as women (61 

male, 62 female, 52 unknown). However, most tweets again came largely from left- leaning 

users. On this day, only 8 women tweeted messages with a positive valence, largely to express 

condolences to the family, and most neutral or unclear tweets included shared news articles. 

Tweets with a negative valence got more hostile, however, and the largest conspiracy 

theory from a female user occurred. A right-leaning user shared a post from a conservative news 

site that compared Johnson to Bowe Bergdahl. 

Another right-leaning user brought up race and the attention Johnson received as a black 

man versus the other white soldiers. And another user accused Frederica Wilson of plotting with 

Myeshia to create smear stories against Donald Trump. 

Meanwhile, left-leaning users mocked Trump after he made a comment about how he had 

to read Johnson’s name off of a chart. Users brought up impeachment, take a knee, and words 

like “liar,” and “bigot.” 

Data suggests that women begin to listen to the narratives they see in the media, and 

while not quick to jump on them, will eventually turn to outlandish explanations to make sense 

of a hot topic and to find a way to participate in the larger conversation. 

Discussion 
 

In the coding and content exploration, it was clear that the conversation surrounding the 

death of Sgt. La David Johnson was a negative, politically motivated one driven in large part by 

polarized content in a medium that people use to find social connection surrounding their 

political beliefs. Once coding was complete, it was noted that additional themes emerged, 



including the NFL and whether players should be kneeling, which demonstrates other hot-button 

issues that were happening during the time of the Niger attack and may have helped set the tone 

for this topic. 

Salient Characteristics of the Full Population 
 

The first research question was: What are the most salient characteristics of Twitter users 

that have engaged with the topic of Sgt. La David Johnson and his widow, Myeshia Johnson, in 

the month of October 2017, based on an analysis of how these users shared content? 

In totality, a substantial portion of the data suggests that when dealing with the death of a 

soldier, people honor veterans and their sacrifice. Tweets were respectful on the days that 

Johnson’s body landed in Florida and on the day of his funeral. However, once politics is 

involved, they will protect their beliefs, even when the belief is unsubstantiated. 

Left-leaning Users 

When Donald Trump is involved, left-leaning users are quick to find a negative 

motivation behind what he says or tweets and use the opportunity to turn a conversation political. 

Even when expressing a sentiment of respect for Johnson’s sacrifice, many users also used the 

opportunity to attack Trump. Many users brought up the NFL, golf, Puerto Rico, and Benghazi 

as ways to criticize the President. 

While they are more willing to share content from news sources, they are also more likely 

to read liberal media, which indicates a bias. Within this group, there was a larger sharing of 

black media that heavily discussed the topic of Trump’s pattern of not trusting women of color—

and specifically both Myeshia Johnson and Frederica Wilson—which suggests that racism and 

sexism was a consistent topic of conversation for these individuals. Left-leaning users are also 

more likely to clarify false stories, which is evidenced by the sharing of Snopes regarding the 

fake Facebook post. They were also the group that shared the GoFundMe link as a way to help 



support the Johnson family. 

Overall, data suggests that left-leaning users are willing to be supportive of others who 

think like them, but will go on the attack against those who don’t. They are interested in 

correcting fake news and are less likely to fall for conspiracies. 

Right-leaning Users 

Right-leaning users are more likely to share conspiracies and fake news—as evidenced by 

comparing La David Johnson to Bowe Bergdahl and the sharing of the fake Facebook post. 

However, right-leaning users were also willing to research whether the post actually came from 

Johnson’s Facebook page, which shows that they do have an ability to seek truth when confronted 

with facts. Still, when they discovered the Facebook post was fake, they also shared a link from a 

conservative news site that blamed the post on Democrats. 

Right-leaning users have a tendency to believe what the politicians they support say. They 

tweeted constant support for Trump, Sarah Sanders, and John Kelly, and when they felt one of 

“their own” had been attacked, they would tweet their own criticisms of Myeshia Johnson, even 

going as far to mock the way she talks, saying she was being “coached,” and to write that she was 

scheming with Frederica Wilson. 

Furthermore, the more that politics played a role, the more right-leaning users brought up 

the other three soldiers who died in the attack and how they were not getting the same amount of 

media coverage. These users used racism against whites as a reason for lack of coverage. 

As the literature reviews suggests, right-leaning users are supportive of like-minded 

individuals, are willing to look for the truth, but are quick to accuse the other side for why the fake 

news existed. 

The Influence of Gender on Twitter 

The second research question was: How does gender influence the model for how 



messages are shared by women, based upon this topic? 

Because women were the top group to contribute to the conversation, there was 

motivation to better understand how they participated. The subset of female users was largely 

compelled to share condolences without it turning into a political conversation. One possible 

explanation relates to gender stereotypes regarding difficult emotional topics. For example, 

because grief is an emotional topic, women may be willing to discuss it before men are. 

Women also did not follow many of the patterns of the larger conversation, even 

though they were the largest subset overall, which may also show gender stereotypes at play. 

When discussing topics involving military strategy and political theories, women were less likely 

to contribute to the conversation than men. Most of their communication was critical of political 

leaders like Donald Trump and Frederica Wilson, and much of it was empathetic in nature 

regarding how the incident was handled from political leaders. 

When given an outlet like Twitter to publish their beliefs, women are slower to develop 

conspiracy theories. Women held off on offering theories until after men had already been 

tweeting about them. Those who did tweet about conspiracy theories did it less frequently. 

Left-leaning women are more likely to tweet than right-leaning women, and those left-

leaning women who participated in the conversation seemed to be doing so in order to attack 

Donald Trump. His name was tweeted alongside the Johnson story from the first day of research; 

it appeared every day as the story unfolded. 

The data also suggests that right-leaning women are more willing to participate in the 

conversation once they believe a person shares, or the topic supports, their beliefs. For example, 

right-leaning women were willing to show support for a fallen soldier, but more of them were 

willing to participate when they believed the widow was angry about how Frederica Wilson 

politicized her husband. When they learned the widow hadn’t shared the Facebook post, they 



shared biased media that supported their belief that it was a Democratic hoax. This data suggests 

that they do have empathy for the widow of a soldier, but that they are more empathetic when it 

supports their beliefs. The data shows they are respectful of the military and its widows. 

However, once they feel their beliefs have been attacked, they are quick to return that attack. 

Future Prospects 
 

A number of opportunities exist for future research using the same data.  

We suggest exploring the “unknown” population further. One subset of individuals who 

were often coded “unknown” were media outlets; however, many of the people who were coded 

this way did not clearly define a gender or provide evidence that could clarify how to code 

them. We believe a deeper assessment could provide clarity about why some individuals do not 

share this type of information. For example, does anonymity of name and gender affect how a 

person communicates on social media? 

In addition, because the topic is one that involves foreign policy and the military, it may 

be of use to look at another topic using the same method to see if non-military discussions have a 

similar outcome. 

Conclusions 

Negative political partisanship thrives in the world of online media, particularly in a venue 

where users can choose what they want to see and how they want to consume it. As is evidenced by the 

discussion that happened surrounding the death of Sgt. La David Johnson, content can be interpreted in 

a way that users feel supports their morals, political beliefs, and provides them with social capital 

within their digital circles. The insights gathered from this data will help bring additional knowledge 

into how social media is used for political agendas, how uses and gratifications drive people online, and 

how gender roles are followed in online media.  
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Appendix 
 

Tables 

Table 1 

Topic Frequency Found In Tweets Dated October 16 To October 25, 2017 

 

Topic Times Tweeted Percentage 

Donald Trump 575 44 

Frederica Wilson 197 15 

John Kelly 68 5 

Niger Ambush 89 7 

Phone call 82 6 

Gold Star Widow 47 4 

Say His Name 22 2 

Fake 55 4 

Racism 27 2 

Good Morning America 5 .4 

Lies/liar 83 6 

Hero 50 4 

Deplorable 3 .2 

Condolences 94 7 

MAGA 3 .2 

GoFundMe 26 2 

Truth 14 1 

Media 21 2 

Grief 20 2 

Apology 19 1 

Democrat 17 1 

Republican 13 1 

Note: Sample data was pulled using the key words, “La David Johnson” and “Myeshia Johnson.” From the 
total population (N = 1,301), this table shows the analysis of content and the percentage in which they 
appeared between October 16 and October 25, 2017. 
 
 
Table 2 

Total Tweets Compared To Positive And Negative Valence And News Of The Day 

 



 

Note: The breakdown for each date shows how Tweets among the total population (N = 1,301) were dispersed 
from October 16 through October 25.  
News for each date was as follows: October 16 – Story of the attack hits mainstream media. October 17 – 
Trump calls Myeshia Johnson on her way to pick up Johnson’s body; Frederica Wilson speaks out. October 18 
– Trump tweets about Frederica Wilson. October 19 – John Kelly defends Trump; Fake Facebook post 
circulates. October 20 – Trump’s daughter-in-law claims to have read transcript of phone call. October 21 – La 
David Johnson is buried in Florida. October 22 – Myeshia Johnson comfirms Facebook post is fake. October 
23 – Johnson appears on GMA; Trump tweets about the phone call. October 24 – News of ambush. October 25 
– Trump says he did not authorize Niger mission. 
 

Table 4 

Valence of Tweets By Gender On October 16 
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Table 5 

Valence of Tweets By Gender On October 17 

 

 

Table 6 

Valence of Tweets By Gender On October 18 
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Valence of Tweets By Gender On October 19 

 

 

Table 8 

Valence of Tweets By Gender On October 20 

 

 

Table 9 

Valence of Tweets By Gender On October 21 
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Table 10 

Valence of Tweets By Gender On October 22 

 

 

Table 11 

Valence of Tweets By Gender On October 23 
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Table 12 

Valence of Tweets By Gender On October 24 

 

 

Table 13 

Valence of Tweets By Gender On October 25 
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